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ABSTRAK

Perkembangan pesat industri Financial Technology (Fintech) Buy Now Pay
Later (BNPL) di Indonesia mendorong tingginya akumulasi ulasan pengguna pada
aplikasi Kredivo di Google Play Store. Ulasan tersebut memuat data opini yang
sangat berharga terkait tingkat kepuasan, keandalan sistem, maupun keluhan
layanan, namun volumenya yang besar menyulitkan evaluasi secara manual.
Penelitian ini bertujuan untuk mengidentifikasi sentimen publik serta
membandingkan performa algoritma Multinomial Naive Bayes dan Logistic
Regression dalam mengklasifikasikan sentimen ulasan pengguna Kredivo. Dataset
sebanyak 17.212 ulasan terfilter periode Januari 2021 hingga Januari 2026 diproses
melalui tahapan preprocessing (cleansing, case folding, tokenizing, normalisasi
kata Indo-Normalizer, stopword removal, dan stemming Sastrawi) hingga
menghasilkan 10.798 data ulasan bersih. Pelabelan otomatis berbasis rating dengan
verifikasi manual pada rating 3 menghasilkan distribusi sentimen yang tidak
seimbang, yaitu 80,55% positif dan 19,45% negatif. Pembobotan kata
menggunakan Term Frequency-Inverse Document Frequency (TF-IDF)
menghasilkan 4.558 fitur kata. Untuk mengatasi ketidakseimbangan kelas tanpa
memicu data leakage, teknik Synthetic Minority Oversampling Technique
(SMOTE) diterapkan secara terisolasi pada data latih di setiap fold menggunakan
5-Fold Cross Validation. Hasil eksperimen menunjukkan Logistic Regression
unggul secara konsisten dibanding Naive Bayes dengan menggapai rata-rata akurasi
sebesar 90,14%, precision 91,43%, recall 90,14%, dan F1-score 90,52% pada 5-
Fold Cross Validation. Pada pengujian akhir menggunakan 20% data uji murni
(2.160 ulasan), Logistic Regression kembali membuktikan daya generalisasi terbaik
tanpa overfitting dengan akurasi 90,42% dan F1l-score 90,74%. Analisis Word
Cloud mengungkapkan bahwa kepuasan pengguna didominasi oleh efisiensi
pencairan dana dan kemudahan aplikasi, sedangkan keluhan terfokus pada
penolakan limit transaksi mendadak serta mekanisme penagihan.

Kata Kunci: Analisis Sentimen, Kredivo, Naive Bayes, Logistic Regression,
Fintech.
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ABSTRACT

The rapid growth of the Buy Now Pay Later (BNPL) Financial Technology
(Fintech) industry in Indonesia has led to a massive accumulation of user reviews
for the Kredivo application on the Google Play Store. These reviews contain
valuable opinion data regarding satisfaction levels, system reliability, and service
complaints;, however, the sheer volume makes manual evaluation difficult. This
study aims to identify public sentiment and compare the performance of
Multinomial Naive Bayes and Logistic Regression algorithms in classifying
Kredivo user review sentiments. A dataset of 17,212 reviews filtered for the period
from January 2021 to January 2026 underwent preprocessing stages (cleansing,
case folding, tokenizing, Indo-Normalizer word normalization, stopword removal,
and Sastrawi stemming), resulting in 10,798 clean review entries. Automated
rating-based labeling, with manual verification for 3-star ratings, yielded an
imbalanced sentiment distribution: 80.55% positive and 19.45% negative. Word
weighting using Term Frequency-Inverse Document Frequency (TF-IDF)
generated 4,558 word features. To address class imbalance without causing data
leakage, the Synthetic Minority Oversampling Technique (SMOTE) was applied
exclusively to the training data within each fold during 5-Fold Cross-Validation.
Experimental results demonstrate that Logistic Regression consistently
outperformed Naive Bayes, achieving an average accuracy of 90.14%, precision of
91.43%, recall of 90.14%, and an Fl-score of 90.52% across the 5-Fold Cross-
Validation. In the final test on a hold-out set of 20% of the data (2,160 reviews),
Logistic Regression again showed strong generalization without overfitting,
achieving 90.42% accuracy and a 90.74% FI-score. Word Cloud analysis shows
that user satisfaction is driven mainly by efficient fund disbursement and ease of
use, while complaints focus on sudden transaction limit rejections and collection
mechanisms.

Keywords: Sentiment Analysis, Kredivo, Naive Bayes, Logistic Regression,
Fintech.
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